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BN — S, FEECRTIZ R ALE S,
NER P Z R REAE RS S E2E R,
Ak 2L ] [R]IE F [a)— > AL TR CRe sl R
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@ Jan Leike, et al. , “Scalable Agent Alignment Via Reward Modeling: A Research Direction” , arXiv:1811.07871[ cs. LG], https://doi. org/

10. 48550/ arXiv. 1811.07871.
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AR AN [a] [ 730 £y 2 A5 SR ) e ix — 20 g 4R
M7, KB E AR« T 257 ( pre—training ) FITHK i
P S WINR Y EI R G UN S aTop S S = R N ]
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“CHUET IR, TEREE AETERE R B R 4t
SR B VR 280 “ 7 B B W R, 15
U5 A RO AN Y 52 A e L ki [ 46 B
CE SRR I DR A 75 0 ke AW g, AR 40 B
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@ Hunt Allcott, et al. , “The Welfare Effects of Social Media” , American Economic Review, Vol. 110, No.3, 2020, pp.629-676.

@ W (UL S TR R R AL , CBr B JE 1) 2022 4755 4 391,

@ BT (TR AT 57T LR X 75 4 Lo eSS IS R I i i 5, (AR mife4% ) 2024 4255 111407,
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Y HEDRIERZ BT X EW, AR
PR (TCIe 2 AR T Y, 16 755 T A 38 2 A 2
TR J95e NZ RN FRA M EEZ —, T
HATATBRE” 0 N0 B SRR ME SR I
YRR LA, H T A R A UL (tunnel
vision) . “fii WL ( prejudice ) 5 “ {f WL” ( pre—judge-
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@ AT ChatGPT S ARy BE U G 335 1117 BUG SRR 25, 752 DLANE . (ANl BN T RE BT ) | 7 55 BN A3 47 2023 4R iR,
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T T 75 5L 2 ] I A 30 < Joe B A i S Ak 1Y R
ME” 5 ARHEH NN — 2L B (i 8 A
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tps://time. com/6247678/ openai—chatgpt—kenya—workers/.

©®
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Julia Zorthian,“ Exclusive: OpenAl Used Kenyan Workers on Less Than $ 2 Per Hour to Make ChatGPT Less Toxic” , 18 January, 2023, ht-

Robin Dunbar, “Neocortex Size as a Constraint on Group Size in Primates” , Journal of Human Evolution, Vol.22, No.6, 1992, pp.469—
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UL 5T L WY K I A 0 R B L AR K

® e

@ PSR N SRR A fi WL AR B IX 7 W7 022 ]
B S UL 15 0 SC Ak 22 A T T SR (RS
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BT BIRBE, FATAT LLSTRT UL 5 O W22 1) ) 56
B R IR SO TE M E

X TR M—AR U % & 89 2 3L Frig “ay

W AR RN Fe EARE A FE TE A4S B B AT R
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Gigerenzer, Gerd, et al. , Simple Heuristics that Make Us Smart, Oxford; Oxford University Press, 1999, p.43.
Jeff Malpas, “Hans—Georg Gadamer” , The Stanford Encyclopedia of Philosophy ( Winter 2022 Edition) , Edward N. Zalta & Uri Nodelman,

eds. , URL = <https://plato. stanford. edu/archives/win2022/entries/ gadamer/>.

©®

Jeff Malpas, “Hans—Georg Gadamer” , The Stanford Encyclopedia of Philosophy ( Winter 2022 Edition) , Edward N. Zalta & Uri Nodelman,

eds. , URL = <https://plato. stanford. edu/archives/win2022/ entries/ gadamer/>.
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RUA I 25 A5 % — VDRI DUAS A, A7 i X
23 AR — 2L UL ik T e 7 AT EARER A
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(1) B Ui OB 22 0 A G T AT OISR (AT 1Y
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RGO I 5 WL XA T A SRR, W RS 2 — S A IRAE 55 P ek 5 A — RN I 5 T
@ Kankan Zhou, et al. , “VLStereoSet: A Study of Stereotypical Bias in Pre—Trained Vision—Language Models” , Proceedings of the 2nd Confer-

ence of the Asia—Pacific Chapter of the Association for Computational Linguistics and the 12th International Joint Conference on Natural Lan-

guage Processing , Virtual Conference, pp.527-538, hitps://ink. library. smu. edu. sg/cgi/viewcontent. cgi? article = 8620&context = sis_re-

search.

®  George Graham, “Behaviorism” , The Stanford Encyclopedia of Philosophy ( Spring 2023 Edition) , Edward N. Zalta & Uri Nodelman, eds. ,
URL = <https://plato. stanford. edu/archives/spr2023/ entries/behaviorism/>.
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( 6) Philosophical Challenges to DeepSeek Posed by the “Al Alignment Problem” from the Perspective
of the Interplay between “Pre-Judgments” and “Prejudices” Xu Yingjin  + 108 *
The “Al alignment problem” has deep philosophical implications which involve the subtle interplay

between “pre—judgments” and “prejudices”. However it is hard to keep both in the Large Language Model

( LLM) represented by DeepSeek due to the behavioralist tunnel vision. Given this we can redefine

“prejudices” in a functionalism-oriented way as a subset of prejudgments that the agents stubbornly hold even

when unignorable counterexamples are given. This redefinition will appeal to a functionalist reconstruction of

the cooperative relationships among all the cognitive modules responsible for belief-yielding namely a non-

LLM reconstruction with the feature of “new quality”.

(7) Is the Basis of Science Physics or Biology?: A Re-Examination on the Internal Tension in Comte’ s
Sociology Fang Jie Guo Taihui * 163 ¢
As the internal tension in Comte’ s sociology ( CS) is a longstanding issue in the history of sociological

thought this article adopts Comte’ s original French texts and conducts an in-depth discussion on it. It finds
that: The tension is real but cannot be reduced to a binary between reason and morality particularly as Comte
sought their reconciliation in his later work; the notion of “social physics” must be reinterpreted in light of
post-revolutionary semantic shifts in “physics” and its distinction from physicism; the biology more than
classical physics served as the foundational science in Comte’ s sociological system. The belief that physics
underpins CS stems from a narrow reading of his system and its historical context compounded by
misinterpretations influenced by Machian physics in the early 20" Century. Revisiting this debate helps enrich
global discussions and supports the construction of an independent knowledge system in China.

( 8) Open Source Innovation in the Big Data Era: Theoretical Logic and China’ s Strategy

Sun Jun Zhang Yingyu 173 ¢

The big data era transforms technological innovation from closed systems to open co-ereation. Traditional
innovation is reshaped through big data technologies that redefine knowledge production tools connectivity
and collaboration advancing data-intensive paradigms. Open source innovation lowers barriers  boosts
efficiency and enhances autonomy via community-driven synergy and sustainable mechanisms. To address
global competition and governance shifts China must integrate institutional technological and governance
strategies! deepen data market reforms accelerate domestic open source tools in critical fields and lead global
standards balancing data sovereignty and privacy. These steps aim to secure technological independence and
global influence driving high-quality digital economic growth.

(9) China’s U.S. Research Within the Discipline of Area Studies: Progress Challenges and Directions

Diao Daming Lu Ming * 199 ¢
Under the requirements of promoting global and area studies ( GAS) construction and building the GAS
knowledge system with Chinese characteristics China’ s American studies ( CAS) must build its disciplinary
system. Given this the paper scrutinizes the main progress of CAS since 2011 argues that CAS research has
expanded in scale highlighted its realistic significance and strengthened its self-involved tendency but there
are challenges in disciplinary exchanges and research topics perspectives and methods. The paper also points
out that in the future CAS should take into account both “high and low politics” balance the development of
basic and applied research continue to develop research perspectives and levels keep deepening research
methods and strengthen the interaction and methodological exchanges among disciplines to accelerate the
advancement of China’ s independent disciplinary knowledge system.

( 10) Spatial Thinking of “Creating Images for Full Expression” in Traditional Chinese Architecture
from the Perspective of Chinese Character Configuration Tang Wenjun = 247 -
With the image properties Chinese characters preserve the essential connection between architecture and

human beings concealed by language. Chinese characters awaken people’ s memory of life and build a “poetic

dwelling” relationship between people and architecture through “images”. In this process ‘“image” as an
important carrier with a narrative function summarizes the essence of things and expands the boundaries of
meaning. The symbol thinking is shown in the structure of Chinese characters and Chinese traditional
architecture which explains “harmony” through the aesthetic of “creating images for full expression”; the

Chinese consciousness of the universe and life are displayed by the structure which becomes a vital carrier to

spread historical and cultural information.
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